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GLM-5: from Vibe Coding to Agentic Engineering

HHA

2026-01-17

GLM-5: from Vibe Coding to Agentic Engineering

GLM-5 Team

Zhipu Al & Tsinghua University

(For the complete list of authors, please refer to the section)
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FAMREE GLM-5, XE—ER “REXTRE" NEMRE, ST BREAE" 8 "EeeraE
FER" BSen#EE. GLM-5 7R CRIRIE. #HEESYRE (ARC) BEALH—LHER, S5IAN DSA BEERES],
ERFK LN ELENER EE W) |15 SHEEAAR. NRFNIFEREM, BMEETEHNRSEEE
SJEAIREE, BEMRS) GRS, NIBRFBIGER, FRESE Agent BUFITE, HEEEGRUD
MEZR, KEFEREHEY, BOXLEH, GLM-5 ESIAMERE DIXBISHHARTHKE, JTLAESLH

FIRIESRIRE, BN IRREIRI G TR HEET e Bk,

B GLM-5 B DeepSeek-V3.2 Claude Opus 4.5 Gemini 3 Pro GPT-5.2 (xhigh}
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Figure 1: Results of GLM-5, DeepSeek-V3.2, Claude Opus 4.5, Gemini 3 Pro, and GPT-5.2 (xhigh)
on 8 agentic, reasoning, and coding benchmarks: Humanity’s Last Exam, SWE-bench Verified, SWE-
bench Multilingual, Terminal-Bench 2.0, BrowseComp, MCP-Atlas, 72-Bench, Vending Bench 2.
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o DSA BEESHSIUEAR: BIABTRMIBRIERENEETEN, KETOTEMATREL 1.5-2
EMAMEER; 2% 744B B2 (40BEGE) 5 28.5T l|4k token, FEPUHEIENER SIKIRIBSLE,

o R, fi#iBAY Agent RLIFFR: ET "slime” 1EZRIBEMS)IGANRFERE, SIATITO MXSWNEZEM
K, 454 DP BAOEEHS MTP/FP8 IR, RERFHSEH. SRISHEREESEM.

o TEABMENS ETXER: £ SFTMRSINGEERE. BEREBSRSREEES, HEITRA
"keep-recent-k + discard-all” FEXRWLETXEE, @R BrowseComp SKAESRM,

o METHLLERSEMPEE: RENUEBSTAE~FE: WAAS REEL. MINERIRERZ.

vLLM/SGLang AES MTP #17, IIEKFIHEEHIGERT REPEaAMEEL 50%.
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Paper: https://arxiv.org/abs/2602.15763
Code: https://github.com/zai-org/GLM-5
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Aletheia tackles FirstProof autonomously
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Aletheia tackles FirstProof autonomously

Tony Feng', Junehyuk Jung, Sang-hyun Kim, Carlo Pagano, Sergei Gukov, Chiang-Chiang Tsai, David P.
Woodruff, Adel Javanmard, Aryan Mokhtari, Dawsen Hwang, Yuri Chervonyi, Jonathan N. Lee, Garrett
Bingham, Trieu H. Trinh, Vahab Mirrokni, Quoc V. Le, Thang Luong”

“Project leads. Work conducted under Google DeepMind.
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ARETH Gemini 3 Deep Think IXEIAVEFHARAIE Aletheia 7EEE FirstProof HkEKRIZRIL,
HIRAMEENEBHNESL, EERMBTERTATISS,; RMEDATERLME LaTeX HE, HEL
LR BIHRR, EREMESERAYBIR T TR, Aletheia 955 2. 5. 7. 8. 9. 10 BEEHTHE,;
ZEEFINN/NTIIER ((XFE 8 BN xe—8) . ERIUERE "ZfE" . 1I83GFA T IMNIAIRRE,
BRI R ™ E RO/ fHEURRE. best- of- 2 ERRE. HIEMADH, URTHEBRESATR

mEERHEE. ERER, BEHFAEERRKEE LTS SEREEEIRTT
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FirstProof 6 6
Problems Aletheia Candidata Expert Problems
(without (e i ieonucin) bt Evaluation Solved
S A (Best-of-2)
modification) (per Agent)
. 7
FERR

o =g "BAXTR" WLBMELSL: FHREMN. WIESHMNESWETHIRMBATINAN, iR "BEY"
EX NIRRT ENE, REERIRAMIISeREE S BRHIE, LA EEE T |, SARERE
xRS A BRI,

o EIRLRISIES LaTeX HiEY: BiS T RAYIGIE/MEURTA, WRISBIERH TR TZEFE, FEEHES
HEACTERY LaTeX, ZAHRRMEES |RAYEHIES™ENE, SIS HE ] SRR SR B iR,
® W{XEE best- of- 2 BEIRFHSMRIE: RANIET Aletheia A 5 B WK, HAEFHSRIFEEMAIRIE
KA best- of- 2 iEERER, ZEERIEMENATRIER FEMFHERRRIRER, BIMESIERHR
SEIEEN

® FirstProof LB XML 6/10 &: 7£ 10 NMARKTEF, Aletheia BHELLH 6 BAIRTRRFIIE (5 8
EMNEEDLE)  BER 4 BERER "FE . GRESNE BN JUISHESHELR, FIRESR

ERIHEERE N S B R St
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o HEHERAFZIEMERZIRE: ICXENSRAVHEERS, FSBRERGETIN, B FEREN "#HEaE"
SEYRIERIRERE. TEHES 7 L, AAEETTS, NMARKESIWEESTRETBNENSR,
o FIniRRSMERIAILE: AESBERMRIREDSEMHERER, FEATFERERH SRR SHH,

BEWIE/HBTRE. ZMERAIRERF RS REFENENREE, NEARTSIIEMIISERAET.,
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Paper: https://arxiv.org/abs/2602.21201
Github: https://github.com/google-deepmind/superhuman/tree/main/aletheia
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A benchmark of expert-level academic questions to assess Al capabilities
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A benchmark of expert-level academic
questions to assess Al capabilities

https://doi.org/10.1038/s41586-025-09962-4  Center for Al Safety*, Scale Al* & HLE Contributors Consortium*

Received: 7 May 2025

Accepted: 25 November 2025 Benchmarks are important toolsfor tracking the rapid advancementsin large

Published online: 28 January 2026 language model (LLM) capabilities. However, benchmarks are not keeping pace in

difficulty: LLMs now achieve more than 90% accuracy on popular benchmarks such

asMeasuring Massive Multitask Language Understanding’, limiting informed

[®Check for updates measurement of state-of-the-art LLM capabilities. Here, in response, we introduce
Humanity’s Last Exam (HLE), a multi-modal benchmark at the frontier of human
knowledge, designed to be anexpert-level closed-ended academic benchmark with
broad subject coverage. HLE consists of 2,500 questions across dozensof subjects,
including mathematics, humanities and the natural sciences. HLE is developed
globally by subject-matter experts and consists of multiple-choice and short-answer
questions suitable for automated grading. Each question hasaknown solution that is
unambiguous and easily verifiable but cannot be quickly answered by internet
retrieval. State-of-the-art LLMs demonstrate low accuracy and calibration on HLE,
highlighting a marked gap between current LLM capabilities and the expert human
frontier on closed-ended academic questions. To inform researchand policymaking
upona clear understanding of model capabilities, we publicly release HLE at https://
lastexam.ai.

Openaccess

AEHE

AMNRYE "AXRE—HEL" (HLE) , —PHEKETRIHTRIMETEINSES. HEUFAREE
HEE, BEHE. AXNSEARFEERFRIL 2500 BH, G 8RESSEmE. XIFEMTD, &
BE LLM a5 HRMARERTRITH, BAREINE. BRESTIREBREER, TSR, BHoREE HLE
PERFRESREERERES, BUSERFSHBRES R, HHE token FBHFEL 2414 NGB,
BYEEmRR E. SESIUEEHN, ESMERMENIEG, FHEHRMRLFEEN, IRRSEE

RGBT, TERELHEERL.



Humanities/
Physics Social Science
9% 9%
Chemistry
7%
Math
4%

Computer

Science/
Biology/ Artificial
Medicine Intelligence
1% 10%

Fig.2|Distribution of HLE questionsacross categories. HLE consistsof 2,500 exam questionsin overahundred subjects, grouped into eight high-level categories.
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o ERISHNSIETSHERE: BEERFR. 2500 EFREESHER, FENASEE, RAMFSLESEE
AR, RRERTWIE. WO, R ERAEFAREN LR,

o SHERFHESAIRRTZIT: KLENG LM HiEE, BERSEMRERTHESATHERESME, X "7
WER" BT ATHRIFHRAESE, HUSERt SR BREARESSE.

® HENSKENRRITY: SFIEEE HLE DERRDERE. RMS ERES, EUEEREEESSTHE
HRBIAE, ERHARSEHFME R T EE ST,

o IMTEHZRBEFMES: #IE token SEHRENHEMHEREL 2714 [FREDER, RTHIL "B

e BESHBEEFRFHEL HLE-Rolling iRahR, SZHRASHR. AIERIREIBIRSBURTEIE.

EE S

Paper: https://arxiv.org/pdf/2511.16931
Github: https://github.com/centerforaisafety/hle

Huggingface: https://huggingface.co/datasets/cais/hle
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Aflexible digital compute-in-memory chip
foredgeintelligence
https://doi.org/10.1038/s41586-025-09931-x  Anzhi Yan'%, Jianlan Yan'2, Penghui Shen'®, Yihan Fu?22, Enyi Zhang', Jingkai Song’,
. Qinghang Zhang’, Ziqi He', Xin L, Zecheng Pan’, Ding Li, Yu Dong’, Xiaowei Xu?, Feng Qi*,
Recelvad:1EDecsimbar2024 Tianqi Shao', Bonan Yan22¥, Yi Yang', Houfang Liu'™ & Tian-Ling Ren'™
Accepted: 18 November 2025
REHE

IZAFIRE T —F &8 FLEXI BRI AT ERERMARES, B T 2-BiR-FAMEAHAa IS B
FE—AZEN, T TRNE (&€ 2.52mW) | &5 12.5 MHz B#SRRIAREHRA (BREF 1 %)
MERBRE (49 70%-92%) . bR ESMRIWRATSEIEAHKEIGEN, A5k 10 B 10 XERFTEERE
8, M2 4 DXULSHER, ASdFXMR EHENEEE. EXRNATS, BEEOERERESS
XF 99.2% HfER, ESIRSAREEENENTET 97.4%, BN 7 EEATEEEHEFESETH

RPN AEE.
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™ Sansitive amphfier

+ Substrate @ Poly-slicon & Metal 1

- Metal 2 @ Metal 3 @ Metal 4
Fig.1|Overview of FLEXIand its key attributes. a, A GEN-4.5 panel based reliable operation, one-shot deployment of neural networks, and energy-
oncomplementary LTPS TFT technology, which can be divided into 48 dies. efficient, high-speed computing. I, Three-dimensional schematic diagram of
b, Asingle 6.1-inchdie containing a FLEXI-1, FLEXI-4 and FLEXI-32and a TEG. the flexible LTPS-TFT chip. highlighting key components such as the polyimide
¢, Micrographof aFLEXI-1, FLEXI-4 and a TEGtaken with an industrial microscope  substrate, semiconductor layer, dielectric layers and metallization layers. ADC,
0LS 5100. d, Photo of a natively flexible LTPS panel with 12 standard groups, analogue-to-digital converter; DFF, D Mlip-Nop; ECG, electrocardiogram; LDD,
demonstrating its bendability, e, Schematic illustrating the CLCO across lightly doped drain; PVT, process-voltage-temperature, Scale bars, 1 cm(b.c).

fabrication process, circuit and algorithm levels for FLEXI, enabling stable and
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o FHHFEFE—WCHEE: B —FETFTIZ-HR-BXNENHNREEFTFE R,
FHERIEXRE, SRIINE IR AL MNEHERES PRIRSE.

o SitEESIENFEIRIT: TR&ESIF 12.5 MHz BffHRRIEIT, BRIHEEE 2.52 mW, FRESIR Al #
EREHSIRRRE

® BASREME: TEHMUAILIEERE, ZCHRBERNAET 135t BEUNEERRARFES

70% % 92% BSEEA, BFIF RSN BHE, o
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o FHMIREMESMAM: CHALRMTEY 10* XFEEH, AILZET 40,000 XEHER, fF1E
BRETEREETEL 6 1MA.
o SIRE Al #EIEEEN: BI—XMH LHENESEE, T ORKEIRIESHIIME 99.2% RUEmRR, £

ERSESARESHNAEENENPBIARIL 97.4% AU,

EE S

Paper: https://www.nature.com/articles/s41586-025-09931-x




Multimodal learning with next-token prediction for large multimodal models

[Z): L]
2026-01-28
Article

Multimodal learning with next-token
predictionforlarge multimodal models

https://doi.org/10.1038/s41586-025-10041-x  Xinlong Wang'*®, Yufeng Cui"*, Jinsheng Wang'*, Fan Zhang'*, Yueze Wang'+,
Xiaosong Zhang'*, Zhengxiong Luo™*, Quan Sun'4, Zhen Li**, Yuqi Wang', Qiying Yu',
Yingli Zhao', Yulong Ao', Xuebin Min', Chunlei Men', Boya Wu', Bo Zhao', Bowen Zhang',
Accepted: 11 December 2025 Liangdong Wang', Guang Liu', Zheqi He', Xi Yang', Jingjing Liu?, Yonghua Lin',

184 * ot 1.3
Published online: 28 January 2026 Zhongylan Wang™é Tis)un Huahg

Received: 11 November 2024

AEHE

EAT SRR, FA—MEBENS. BGITSSMRSZ B TEIALNERSENNFE—F
%, —BER—TURAMHL. RE “"T—iast (next-token) FUN" ENT ABUESIRENENARE, (BHA
SRS RINABR, BGSTREANEERT AREES, MiSHRERSIESREMEESHIA

BIVERBEKAGIELM. A30EH Emu3

YN ER TR TSI SRR, Emu3 12
RN SRS EIAE T A ARIES T REELRIMREKT, REREEIEAR S, RNABREY BrEilaE
B, CRRER FERESRERNSIENEEN. BHINE—ESER, KRBT ARERINRE
—ES—FEE. BITRSESEIRUNFE—RNATHN, Emu3 ARIMRSIESERERE 1 RSCE,

FRBEFE—RSESEERM T — SRR R T MATERZ.
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E images @ Text ﬁ Video 'i Actions

Detokenize Detokenize Detokenize Detokenize
[EOS]
Next-token prediction
(transformer decoder)
[BOS)
Sequence
Tokenize Tokenize Tokenize Tokenize
E Images @ Taxt E Video i Actions

“Emu3 unifies multimodal
learning at scale, By
tokenizing images, text and

[x, y, 2, roll, piteh, yaw, gripper]

y [0.1,02,01,001,001,

videos into a discrete space, 0, 0.5]

We train a single transformer \ [0.1,0.1,0.1,0.02, 0.01,

from scratch on a mixture of ~ 4 0208
multimodal sequences.” ~

- .

Fig.1|Emu3 framework. Emu3 first tokenizes multimodal data suchasimages, decoder. We have alsoseamlessly generalized the framework to robotic

text, video and actions into discrete tokens and then sequences these tokensby  manipulation by treating vision, language and actions as unified token
order and performs unified next-token prediction at scale with a Transformer sequences.

FERR

® F—RISIEFIMER: BH Emu3 RERS, BER—HTaxUBEMR)I4, SEITEXA. &
SIS SIMESHIR—FS, MAMKIES SUREEES TR,

o IRLAERMSIEMRREN : ZEENMENAR-BGREMESPRAL ST suERBAIISREEMR, B53F
ERENSNERRAT-ESREERN, EREBAITIN BirtbaeikaIS s EMIES.

o SIESEEERSNRANEE: Emu3 BRTAIEIRK-ES L I TiES (interleaved) ZERRIRE

FHEH TR ES IR EEER, IS ARFHESRHE—NSESSIERIENED. ©
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o HXIURSIESERRUEN: BIBSEEZIBUAF—TANETR, ZTEARIIRSRSIEERIL R

BN TiefERIER, FRHTERRNFEIRE, FRERKSEMES.

EE S

Paper: https://www.nature.com/articles/s41586-025-10041-x
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PaperBanana: Automating Academic lllustration for Al Scientists
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Google 2026-2-2

<) PAPERBANANA: Automating Academic
Illustration for Al Scientists

Dawei Zhu! 2”, Rui Meng?, Yale Song?, Xiyu Wei', Sujian Li!, Tomas Pfister? and Jinsung Yoon?
1Peking University, 2Google Cloud Al Research
https://dwzhu-pku.github.io/PaperBanana/

AERE

RERESEREIKGNEE Al BIERRERRE, BERTEERBTARNFABENAZAR TIEMRE
PES—XKHEERTHREN. AT HRRX—EE, E#EHT PaperBanana, —NETBEMNEMAIAERZFZAEENE
BEMMEZR. PaperBanana LARSTHAIMIIESEEMEIGEMIEEVIKS), BEMREE IERIARIEERS
ERE. MYRTENE, EREGR, FEIEFMITHITERN L. ATTHEHEER, TIEET
PaperBananaBench, ®&38 NeurlPS 2025 gAY AEIMINNES 292 Nl iREZS MAFSUEAE
EX#&, £ELeFRA, PaperBanana /8L, EIEME. AIEMAMSEMMS S EBRNTEERLITIE.
AR 71273 /50830 RESRESITERIER. SWAT=, PaperBanana JIBmIERFIARIEE]

FHRE T FHITTFL.
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PaperBanana Framework

INPUTS LINEAR PLANNING PHASE ITERATIVE REFINEMENT LOOP =ND
OUTPUT
Generated
. = - Image (I;)
S o5
@ . . @),
Source L @ - ,,J_, s b f —> - 0.0 F o
Context (S) !@‘- @U Y Optimized ‘@‘ ¢ - - | =
v, = Initial Description | oo
Retriever Relevant Planner Description Stylist P Visualizer . =]
f Agent Examples Agent (P) Agent Agent :
O A (] A R v Final
i i °""'y @) Illustration
Communicative - | @' q (F7)
Intent (C) e S AT T e W o ST
' Aesthetic Guidelines (G) D::c'::},e(?m .
i Reference ) Critic
; Set (R) Agent
A

Factual Verification

Figure 2 | [Generated by </, textual description to reproduce this diagram is presented in Appendix E.]
Overview of our PAPERBANANA framework. Given the source context and communicative intent, we
first apply a Linear Planning Phase to retrieve relevant reference examples and synthesize a stylistically
optimized description. We then use an Iterative Refinement Loop (consisting of Visualizer and Critic
Agents) to transform the description into visual output and conduct multi-round refinements to
produce the final academic illustration.

FERR
o SEEEMINFEIELR: R PaperBanana EREMELR, BESRIEMMFMSERER. AESXUEHL.

GERNERRBMN, TRRZIRIIFABEBHERE, BEROATSS.
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X

o VLM S4mRBRLS: S5 HIRIESER (VLM) SEISERIEER, SLINE IR SIHRXATE

~

RIS, EFEEESE RS EN S ERRERRE.

o BEIFEMLITEM MM : SINETERKITEANER refinement HlEl, FRFARBENAINRIARESIR

5]

R B, BRI E R ERUH

o ISEFAMENVENEME: Z/ES 292 NUTEHIRIEFEEGESE, 1288 NeurlPS 2025 i8XJ55E], BE
ZEREZNE, NENGEEMRMREC. TEHATENTES

EE S

Paper: https://arxiv.org/pdf/2601.23265
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How Al Impacts Skill Formation

EHA

2026-02-03

How Al Impacts Skill Formation

Judy Hanwen Shen* Alex Tamkin'

February 3, 2026

AEHE

IZAREISREXIRRSEYE, RART THELFGRF, AlBBTENHFHAEFZINEERRE (LF
J— &Y Python REURIERE Trio J9fll) BRI . HAFEERKA, B2 Al TERSWHEETHRE
AURTT, BESR "#Hixge3E" IESS, SEKH Al REFRETMSER. BRZEELSE
RUBEN . LESh, HFEEHRIR, BTHOS5EES Al RE ERATRENE, Al AREXIHESHHRE
ERHIERRETT . ZARIIROEICRE: Al HRIEFDRFA R IREBEDRIEER, EI/ERPSI

N Al BREE, DARRASEX RIS DR ERIARS S REEETE .
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The Impact of Al Assistance on Coding Speed and Knowledge Quiz Al Usage Patterns
Task Time Quiz Score % s 228 Generation-
= - - Then-
5 p=0.391 75 —p=0010" 2;2"/'“ Comprehension
27 70 X Hybrid
& Conceptual -' Cade
=2 . 65 Inaui P Zimln Exp!anation
= = P 22min AUy 68%
= 05 g o 65%
g ) B "o L 8
[~ w
v 24 N i
;] S, 55 5
Sz 3 ]
50
22 1
45
21 Progressive
B min Al Reliance Iterative Al
Al No Al Al No Al kit 3tmin Debugging
Condition Condition =%

Completion Time

Figure 1: Overview of results: (Left) We find a significant decrease in library-specific skills (conceptual
understanding, code reading, and debugging) among workers using Al assistance for completing tasks with a
new python library. (Right) We categorize Al usage patterns and found three high skill development patterns
where participants stay cognitively engaged when using Al assistance.

FERR

o IR Al HENTREREESICHAERN: SAREIFIRLINENT Al RISEFXIHFEIFRE
e (Python Trio) BUKHEARZIN, AIER Al SSES5EEMSIERE. ABRERNEN LAUHES R
ETRE (HIEE 17% WP 5RR) o FRIRIBNENZMEATE, BAEL Al NRETEESHRET
BEZBEIREFIRRRINIETRE, XRPFIERH Al SFEHISSHARBEEARRNENIGE Al £a3
Bt ATRE AR OFARBEST &

REMERAEETHIRE~DiEE: REEFEE (GPT-40) REBEREMTEIERRITE(ED, (B
OFRAA Al SEIAERMESTSARTE EHRRERITFR N ENEZRT  RANNESES TSR T "£5dW
IERdIE)" AEBIIR: 25EBRRARTREEE, ¥B2T5 Al BIFRNRELE (WERIER. [#iE
ERERT) . BORAPEEREKIA 11 S TRANARESRE, XMIJERALKET Al BalER
IS RAEME .
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o MK Al ZEIRVRERESHRAINENS: BINFEREROREEESTT, FFREEE 6 Maid
AERY Al REET . IRAIL, REREEE "TANE5" 19 3 MEoEl (0 EEHE . "ERK
NIBEERREFE" ) sEEAE Al FBENRN4ESFRFINFEIZR (WBoKT 65%) . MRMLH™
B AHIEIE" RUESRIN (W0 "2 Al RERE" . HKE Al HITRERL ) WSEFEIRRK

Z (WEDET 40%) , OB TRFPROANIRNEEEGER Al SREFBERIERELER .

EE S

Paper: https://arxiv.org/pdf/2601.20245
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Generative Modeling via Drifting

HEHA
2026-02-04
Generative Modeling via Drifting
Mingyang Deng' He Li' Tianhong Li' Yilun Du? Kaiming He'
REHHE

SRR LRI N F S — MESETRN S T S &R S o ILECRIBRGT f, IETTIE (WF BUREFNR
BRE) BEEEENRBNESBLIUXMIUNIREY, A3GRH 7T —FEHIEREESE, TREBRE,
B ERHERT D malEN, FEASHS PR, EXMITERSIN T — NERIERIEHIEAR ],
SRS TS EUES o LB ERIZIA I, EFULIIGBERIRaHRE &S s, ELRH,
ZBL A RRESTE 256%256 ImageNet ESCH T ERSTHAVER, TEBE=IERY FID A 1.54, E&E=E87 FID
7161, (FEREXMTEASRERSENTTIEFREFHITIR.
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Figure 1. Drifting Model. A network f performs a pushforward operation: ¢ = f.4 Pprior, mapping a prior distribution pyrir (e.g., Gaussian,

not shown here) to a pushforward distribution ¢ (orange). The goal of training is to approximate the data distribution pga. (blue). As

training iterates, we obtain a sequence of models { f; }, which corresponds to a sequence of pushforward distributions {q; }. Our Drifting

Model focuses on the evolution of this pushforward distribution at training-time. We introduce a drifting field (detailed in main text) that

approaches zero when g matches pqq. This drifting field provides a loss function (y-axis, in log-scale) for training.
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o SINFBIBIERISMIEIL: R drifting field (F%3%) (FARRNEHRIIKES], SERSHSELEIE
S —ERERIHETFE, W)IERt TR mREL. o

o [RAESZIFRLIER: Drifting Models RUIRTHESEBNERMITIER TP HIERITeH, THEEY BEiRRE
ARREZIRIEN, MR CIRFTEERGER, o

o SCIMAFERMRE: £ 256x256 ImageNet RIS H, Z—SERRERETAFIGRTAHIERE
FID 1.54 %0 1.61 BIRSCHEER, IER T 5iARISRESEMRE

o FBIMRBLIAEE: 1Z/5E KT BELmAY SDE/ODE #lH], BAFRENIGEESRRE, R~F

THERESHNEGYE, BRRSSTRHIZERE.
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Paper: https://arxiv.org/pdf/2602.04770v1
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Intelligent AI Delegation

Nenad Tomasev', Matija Franklin' and Simon Osindero*
1Google DeepMind
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Al EARZARZERIRAT. AEHFRBESTIRSHKEATN, HLRBMRZAEEN. BRSNS
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AESUFRBHIEE. BEES, MUNREMEERIE. ZEREERTARS Al EEREZRMWETRIA

B, BRI "RIEMNL (agentic web) " AREUHINGRIHRESE



——— 23

i

@ @ G

Rl Pespnse e Flrm Dl

h M
= Tt ™ e o) b e, o ey -
i = S S N “*“

et
igral TRgTE

@

i ({

v

W i

Figure 2 | The adaptive coordination cycle. Different types of environmental triggers may prompt a
dynamic re-evaluation of the delegation setup, necessitating runtime changes.
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o BERIHASHRINIR: B "EE—Z—EN—BoE" AR, SREEHRNPIRIEE. SHH~E
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EESHEML.
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Single-minus gluon tree amplitudes are nonzero

Alfredo Guevara,! Alexandru Lupsasca,?? David Skinner,*

Andrew Strominger,” and Kevin Weil?> on behalf of OpenAl

Mnstitute for Advanced Study 2OpenAl 3Vanderbilt University ?Cambridge University ®Harvard University

Single-minus tree-level n-gluon scattering amplitudes are reconsidered. Often presumed to vanish,
they are shown here to be nonvanishing for certain “half-collinear” configurations existing in Klein
space or for complexified momenta. We derive a piecewise-constant closed-form expression for the
decay of a single minus-helicity gluon into n — 1 plus-helicity gluons as a function of their momenta.
This formula nontrivially satisfies multiple consistency conditions including Weinberg's soft theorem.
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A EHFEI- KRR ERIANERNFATHIRRIERIE n RFEEHRIE, BHE 2.2) Klein &
BEEMER "FHE" WETZERBEEE, FEHRGATCKEER. (FEET Berends-Giele B350
EFFEEESN, WEHRBRBISRERE, ERAREAN n-1 MEREIMEFREE R1 5, SiH
£ n NEEFRFRANAN, RIBXEX (-1,0,1), SREZNEE. B, Kleiss—Kuijf 5§ U(1) BEFZE
—HtRE, ASENER-KREIRRREEEVER, ErRRiREEEEICEETiNRaSEET
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o BURFESHHIIANT: BEH Berends-Giele BI37E R1 BEAA "ERMY" KBS, 52
£ n FERRARATN, FRIBE (-1,0,1}, AFEEEIRER. B, KK 5 U(1) BEFEFELR,

o AMUPEEI: XKELE n AIVE GPT-5.2 Pro 55780, /58 OpenAl Fi&EBISERGIERE, FEATHS
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® iEZ SDYM 5Xik£R: BARHRIBABEXEH-K/RETRAIAEENASIEE, ERNR FE—RHEF
B 1950, H Mellin TREETBXMAA Lauricella &, H5 wl+eo, S KEEX, BAIEREHE

I ZE=5| N 5#EXITR,
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Paper: https://arxiv.org/pdf/2602.12176
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FH&# Peter Steinberger IERVR 7 T FHREE Al &8eAFE S OpenClaw (HRIS A ZXERIERIRE
InH Clawd #1 Moltbot) , ZFEEFTH 7 EHM TR Al BIBIR, FIFFRFEREE WhatsApp, Telegram,
Discord #0 Slack EHE@EINXG, GFIAARIIX—HFERIEESXIZEEM0 Al BiE. FAY, OpenClaw F4T
"EXIRIBSRAS ARSI | RRRSIETERFBCRENRSE L (B) IRAGHLIES. (RA9EA. 1RAY
iR ) HIRT Al TR Rm<. SENHSEINARITETRMERIRISICIZEEN. EHRmEEE
H9EThiRZA< R, OpenClaw FMYEHIE T Twitch #1 Google Chat #&#t, £EHENT KIMI K2.5 5/)vk
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Blog: https://github.com/openclaw/openclaw#community

GitHub: https://github.com/openclaw/openclaw#community
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Paper: https://www.nature.com/articles/d41586-026-00285-6
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Anthropic F 2026 £ 2 B 5 B &R KEE Claude Opus 4.6, LU KEHBE FEREAR" OB,
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£ MRCR v2 75 token U FHEZIERRERIX 76%, KA1 Sonnet 4.5 A9 18.5%LIRAI KER, BT
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VAHES, 16 MUEEERENEEEIT GCC 99%MiKAY Rust ke C 4miFss, MaEEE, Opus 4.6 7
Terminal-Bench 2.0 e 4mF2MEK. Humanity's Last Exam Z3RHEE . GDPval-AA £REERTS (&
GPT-5.2 Fith 144 4~ Elo 737) B ARC-AGI-2 (68.8%) FEEISEEN., FmiEMERERAIAES: Claude
in Excel STHSEURIGIE. RIENESHRIENKI, Claude in PowerPoint F{RRM—EIEE, Cowork &£
E L ESCIEENHHTIRE, 1Z&EBE Real-World Finance i{f5Z Sonnet 4.5 127HE 23 MES R, T4E
AR RHR TR EEAERE, BiE5|& FactSet SERIKAIRER. ENHEFEE A token A 5 55T,
i 25 255, AT Anthropic"SEITAE" (vibe working) RISKEREE—LUSERERBEMEES,
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OpenAl F 2026 £ 2 B 5 H&#h GPT-5.3-Codex, XFHEHENN"1E5HE Al ERHUARIZEE"H
=, fr5E Codex NMABEIFRBEAITENIMEERSENERE, 5 Anthropic Claude Opus 4.6 B[E3
RATRR" Al G2 bR ARSIEXTIR, ZEEZ OSIET =886 0RS : 47K GPT-5.2-Codex RYTRSRAT
MERE. BEE GPT-5.2 RUHHESEWATLRAES, FLL 25%HBEREIRTHS 50%HY token SEFERRSEIIERE D,
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OSWorld-Verified i+ EHRIEEEM 38.2%MFZE 64.7%, SWE-Bench Pro ik 56.8%, £EMCTHmR. &
BEEEEENNE, X& OpenAl BNRESSB5 8IS RRIEE—RIRARA T AS)IGIE. S8
EEMISHERISHTHER, AT BRINE IRABIHE. MRS L, ZERSIF IR B IME,
RRPEEKERESHITHRES ISMAEXR LT, BEMAERS. EilEtEE] PRD #5, BFHR. B

FRIEDHELRTIERIE. RLME, GPT-5.3-Codex fi9 OpenAl B MEME L (TS HIRT ERES"

FAF£mFR, B=MA. CLI. IDEY BRMITS, APl MRAGEHEH. EAGAMUERENT Al #EF A

RUAR, ERESREAENTEEERBE TR TERTIESH HFEE"HL.
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Blog: https://openai.com/zh-Hans-CN/index/introducing-gpt-5-3-codex/
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IATERNTEHUEETHE, BBV HRNEREZERE TRAMARE, EELL" 7<) HiithlE
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TR SaasS HIRSISMAZEELR Agent, 4" 2AEIAEL; "Al NA"HRE X EHHETRIHNEA
RKhOEN; EFENEFNTMMEZEF LN EHQIEN,; "8 IR RE Agent FITEFRER
rhiERL. kTLL" TOHRER "EKTEFARE: Token B AENRMCAVEANE ™, EMIREREEREAEIANIFHCAYE
K, Agent BGFTHRIACLIF, APl IZAMRARIRITHRARZSHZL ARMEBEUNS TR "
IXzh

REMTASHEAE. EXLEERNRESZBRNER, BrT — 1 ABRmsemiUBRYEEE: |BitbE
FROME. MR, RERBIEERN, HAMINBTEZENRA. Agent BfitliRIESEENS]. XHMIE
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8TJ1GWDuDa8F19XyHgysUgY5Q-Q
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FT5Bka) Seed HBA&R T Seedance 2.0, XR— KBS —SIESEHMITER S ERZREIANR HAASRAER
BRE, trsE ALBREMENTER T AT RRIERT. ZEEMZOSRBETRESISNF. BR. S5
ISAPIFREESIA, SR RREHNSIESABSE SRIEE, LI GSE— LR 1SRRG,
IHAEE, Seedance 2.0 EEHENEHIREHSYENELRES, BERESERSIEA, MHESN
SRS ANREE,; TERSBEENSL SeedVideoBench-2.0 i, EIESSIBME. EHRE. EEER.
SRS EEII TR, MAHRE, ZEEREER, SHE. S EHEEESER
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FHRNESES SRR ANR, BIERT Al TBREREMNE—ESASESRE. NEEFIRRE
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Collaboration Incentive Plan Scenario Distribution (Jan 2026)

Unstructured Info Processing

Education
>10% Content Creation
>10% Search & Recommendation
Social Companion
Professional Consulting
>10%

Customer Service & Sales
>30%

Quality Inspection

Coding

Structured Info Processing
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INERRIESER. 2 B 25 B, ME#H—EFRE Qwen 3.5 FEUERIZZY, SFF Qwen3.5-35B-A3B,
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i, BEEBHKX. Hugging Face KFIBEZEGTE, inSEHREIEERE. HFHEESERIMES M
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& 160 MNFHFHSLABRIREER, MENTAARN 3 &, SHHESHREINETR=ERER. ARk
T 2 B 20 HLA (BB EEIRREFA RS NEGIRUNRIRY AT (RI2) ST AR, BERATREER"
ANHNTESERANIR". ETEEEANZHEN, TEALRIATBEEARNNFEEMIRER, ERTIN
BT HABITEMGEFNERIR, BENTWEPLLINMIKESTEE, RABRIRTHIEERTE, 79

RRFHERSEMREE T 28R ETLE,

EE S

Paper: https://www.science.org/doi/10.1126/science.ady9404

. uuh



52

® AN+

PuEE =18 Y SERGE=HEY CoPaw M ABRERTIES

HHA
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CoPaw

f&iRFi®, HIFER
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AEHE

2026 F£2 B 14 B, MEREXIIe=IFTUHEH T —K&9 CoPaw FINABRMFTIES . XFHLFR
M7 "FIERR OpenClaw” BINA, MXESEXEWE. KSHEE. HETENSREEFES, KHsERBEM
WES . SHESE 1 BRBINEREHITERN QoderWork R[F, CoPaw RUZIMABAETIRM "Aith
+=im" AIGE—IRIRLAR ZERT & RE

EE S

‘B M: http://copaw.agentscope.io/
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® BAMS+H
Google &7 Nano Banana 2 BE{§4miEEY

HA
2026-02-26

Nano Banana 2: Combining Pro
capabilities with lightning-fast
speed

Feb 26, 2026 Qur latest image generation model offers advanced world knowledge, production-ready specs,

7 min read subject consistency and more, all at Flash speed.
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REHHE

Google DeepMind &% Nano Banana 2 (Gemini 3.1 Flash Image) , X—#—HEHGEAEEISCIT
TERERNSEWRRNELS, % Nano Banana Pro NE4FS Gemini Flash NINEBIREIBES, insE
Al MTAERFARHNSHEERENWMNER, 1ZRBLRFIIAIOSEH : KT Gemini SCRIRIRESMEIEZRAITT
HERANR, TEEEMFEEAIENEREER, LTSRN ANEREZESAMN, IFhAE—EIER
SIS R E AR S ZYaN NI 12 512px F 4K IIEED PR SZ LY FlEH], FRZEH# £, Nano
Banana 2 SRAEZUEFMNT Agent IR, BUESRRIRFF 32 EET, 81T APl (L5T5RAESCII £ Bk Agent
BOTHSIEN, THEIROFRIRE, FomiErsE= Gemini MA. Search Al #%=. Al Studio, Vertex Al, Flow
BIVESEE R Google Ads B4R, H Pro 5 Ultra TP RSB EAAEESSRSIR, WHRKRETHE,
Google ¥ SynthID 7KEIZARS C2PA ABEIHREREMRS, B 2024 5 11 BLAK SynthID JaiEThgeEst
188 2000 5iXEH, BIIGEER C2PA IIELIKTER A BT URARUEIMERITIRE. N RIEENBENEND
EHFIE, Fast#&z(LA 2.5 {FIEES 5 & Token BAZ B CIESREEZ, 4 E Token {E/FETAEAREIHAIS
KB —ENIRNEEREANERER SRR M. X—RHNMIE T EWRERRIERE -RENETEI,
IR T Agent fEAREHEANER BN ACEERET.

EE S

Blog: https://blog.google/innovation-and-ai/technology/ai/nano-banana-2/
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RESOURCE SHARING

o RFENE—

Make Al Writing Better for Everyone, Al 5{Fi5rm

RE: EERE

{EBVA T MSRA, Seed. SH Al Lab FIRARHARNIMENHARER, LRILK, FREK. ERAMERZ,
BB SEANSERIGFRELSR: 1.Prompt &iRE: BhE. 1368, DHEHEAISLE prompt 2.Agent
Skills: YEJFEIR, agent skills BEESEAMBINSIE, (BFE—CEERI . CERMIRBSAIEREIE,

FHHEE T SYERRXRAILD skills LAERE EF.

HiFnkiE

https://github.com/Leey21/awesome-ai-research-writing?tab=readme-ov-file
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Antigravity Awesome Skills: 950+ Agentic Skills for Claude Code, Gemini CLI, Cursor, Copilot & More

KHBAE] 1 NB3k1E 16000+ Stars

XRB: HEek

FF&# sickn33 &7 Antigravity Awesome Skills, X2—N Al EEHAEBITIERERIEEEFIE
ERISE GitHub EXFEE 1.6 AR, 1ZIBICET 950 SR SLEIQICHISHRE " 8eiAdEe (Agentic
Skills) ", EE®&T3H Anthropic 1 Vercel FESRIT AL, iR Al {Li381F (40 Claude Code,
Cursor, Gemini CLI 7 GitHub Copilot &) 2B, BEERZEARIEEMEENR; ZIMEIibET
2ERAY Markdown 14, $EEHS Al EREAASERIREMY. UIRITIEERETEMBRIESAE

(Clean Code) . ZIXREFEEBHGENEFEEMNE, FAETETERN npx anSTTEEMEIFR Al fRiZ
TEA, ENMURHTRABEHZEM X8R (Bundles) " MISEHATH "TER (Workflows) ", &X
A —RBESENEEE. REERIFRMMRES, ZMERRE 7 AP ERBRAN. SEREKHF

THARSFENTALR, WAHET Al RIEBFRINSHR ST EIEEEN.

HiFnkiE

Github: https://github.com/sickn33/antigravity-awesome-skills
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